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t]

D
e
r
g
e
n
e
risc

h
e

F
ix

p
u
n
k
ta

lg
o
rith

m
u
s
te

rm
in

ie
rt

m
it

d
e
r

M
a
xF

P
-

L
ö
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fü
r

K
o
n
sta

n
te

n
a
u
sb

re
itu

n
g
/
-

fa
ltu

n
g
:

v

2 1 vv

:
σ

k

di-j
d

i-1
d

i
d

i+
1

d
i+

j

di-j
d

i-1
d

i
d

i+
1

d
i+

j

di-j
d

i-1
d

i
d

i+
1

d
i+

j

di-j
d

i-1
d

i
d

i+
1

d
i+

j

a)
b)

A
n
a
ly

se
u
n
d

V
e
rifi

k
a
tio

n
(
W

S
2
0
0
7
/
2
0
0
8
)

/
6
.
T
e
il

(
1
9
.1

1
.2

0
0
7
)

3
9

D
ie

S
e
m

a
n
t
ik

v
o
n

T
e
rm

e
n

D
ie

S
e
m

a
n
tik

v
o
n

T
e
rm

e
n

t
∈

T
ist

g
e
g
e
b
e
n

d
u
rc

h
d
ie

E
v
a
-

lu
a
tio

n
sfu

n
k
tio

n

E
:
T

→
(Σ

→
D

)

d
ie

in
d
u
k
tiv

d
e
fi
n
ie

rt
ist

d
u
rc

h
:

∀
t
∈

T
∀
σ
∈

Σ
.
E
(
t)(

σ
)=

df



σ
(
x
)

fa
lls

t
=

x
∈

V

I
0
(
c)

fa
lls

t
=

c
∈

C

I
0
(
o
p
)(E

(
t1

)(
σ
)
,
.
.
.
,E

(
t
r )(

σ
))

fa
lls

t
=

o
p
(
t1

,
.
.
.
,
t
r )

A
n
a
ly

se
u
n
d

V
e
rifi

k
a
tio

n
(
W

S
2
0
0
7
/
2
0
0
8
)

/
6
.
T
e
il

(
1
9
.1

1
.2

0
0
7
)

4
0



N
a
c
h
z
u
t
ra

g
e
n
d
e

B
e
g
riff

e
u
n
d

D
e
fi
n
it
io

-
n
e
n

...u
m

d
ie

D
e
fi
n
itio

n
d
e
r

T
e
rm

se
m

a
n
tik

a
b
z
u
sc

h
lie

ß
e
n
:

•
T
e
rm

sy
n
ta

x

•
In

te
rp

re
ta

tio
n

•
Z
u
sta

n
d

A
n
a
ly

se
u
n
d

V
e
rifi

k
a
tio

n
(
W

S
2
0
0
7
/
2
0
0
8
)

/
6
.
T
e
il

(
1
9
.1

1
.2

0
0
7
)

4
1

D
ie

S
y
n
t
a
x

v
o
n

T
e
rm

e
n

(
1
)

S
e
i•
V

e
in

e
M

e
n
g
e

v
o
n

V
a
ria

b
le

n
u
n
d

•
O

p
e
in

e
M

e
n
g
e

v
o
n

n
-ste

llig
e
n

O
p
e
ra

to
re

n
,

n
≥

0
,

so
-

w
ie

C
⊆

O
p

d
ie

M
e
n
g
e

d
e
r

0
-ste

llig
e
n

O
p
e
ra

to
re

n
,

d
e
r

so
g
.
K

o
n
sta

n
te

n
in

O
p
.

A
n
a
ly

se
u
n
d

V
e
rifi

k
a
tio

n
(
W

S
2
0
0
7
/
2
0
0
8
)

/
6
.
T
e
il

(
1
9
.1

1
.2

0
0
7
)

4
2

D
ie

S
y
n
t
a
x

v
o
n

T
e
rm

e
n

(
2
)

D
a
n
n

le
g
e
n

w
ir

fe
st:

1
.

J
e
d
e

V
a
ria

b
le

v
∈

V
u
n
d

je
d
e

K
o
n
sta

n
te

c
∈

C
ist

e
in

T
e
rm

.

2
.

Ist
o
p

∈
O

p
e
in

n
-ste

llig
e
r

O
p
e
ra

to
r,

n
≥

1
,

u
n
d

sin
d

t1
,
.
.
.
,
t
n

T
e
rm

e
,
d
a
n
n

ist
a
u
c
h

o
p
(
t1

,
.
.
.
,
t
n
)

e
in

T
e
rm

.

3
.

E
s

g
ib

t
k
e
in

e
w
e
ite

re
n

T
e
rm

e
a
u
ß
e
r

d
e
n

n
a
c
h

d
e
n

o
b
ig

e
n

b
e
id

e
n

R
e
g
e
ln

k
o
n
stru

ie
rb

a
re

n
.

D
ie

M
e
n
g
e

a
lle

r
T
e
rm

e
b
e
z
e
ic

h
n
e
n

w
ir

m
it

T
.

A
n
a
ly

se
u
n
d

V
e
rifi

k
a
tio

n
(
W

S
2
0
0
7
/
2
0
0
8
)

/
6
.
T
e
il

(
1
9
.1

1
.2

0
0
7
)

4
3

In
t
e
rp

re
t
a
t
io

n

S
e
i
D

′
e
in

g
e
e
ig

n
e
te

r
D

a
te

n
b
e
re

ic
h

(z
.B

.
d
ie

M
e
n
g
e

d
e
r

g
a
n
-

z
e
n

Z
a
h
le

n
),

se
ie

n
⊥

u
n
d
⊤

z
w
e
i
a
u
sg

e
z
e
ic

h
n
e
te

E
le

m
e
n
te

m
it

⊥
,⊤

6∈
D

′
u
n
d

se
i
D

=
df

D
′∪

{
⊥

,⊤
}
.

E
in

e
In

te
rp

re
ta

tio
n

ü
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